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Abstract

In the contemporary digital landscape, knowledge sharing platforms serve as crucial tools for facilitating collaboration and
information exchange among individuals and organizations. However, ensuring the relevance and effectiveness of shared
knowledge remains a persistent challenge. This abstract explores the application of machine learning techniques to enhance
knowledge sharing platforms. By leveraging machine learning algorithms and predictive analytics, these platforms can
better anticipate users' information needs, personalize content recommendations, and improve overall user experience.
Through a comprehensive analysis of existing knowledge sharing platforms and the implementation of machine learning
models, this abstract highlights the potential benefits of integrating machine learning techniques into knowledge sharing
platforms. The findings underscore the significance of personalized content delivery, improved information discovery, and
enhanced collaboration facilitated by machine learning-driven knowledge sharing platforms. Conclusion: Ultimately, the
integration of machine learning techniques represents a promising approach to address the evolving demands of knowledge
management and foster more efficient and effective knowledge sharing processes in various domains.
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1. Introduction

Knowledge sharing platforms are digital environments or Contribute to the success of knowledge sharing on these
systems that facilitate the exchange of knowledge,  platforms (Vuori & Okkonen, 2012). Establishing a
information, and expertise among individuals or groups  ypportive organizational culture is crucial for effective
within an organization or community (Rice et al., 2019).  knowledge sharing on these platforms (Ardichvili et al.,
These platforms promote collaboration, learning, and  2003). Trust also plays a vital role as an antecedent to
innovation by providing mechanisms for individuals ©  knowledge sharing in virtual communities of practice,
contribute to databases, engage in formal and informal jmpacting users' willingness to share their knowledge and
interactions, and share knowledge across different work expertise (Usoro et al., 2007). Moreover, the design of
units (lpe, 2003). Motivation is a significant factor in  these platforms, including features that enhance the
encouraging knowledge sharing on these platforms.  epjoyment and user-friendliness of knowledge sharing,
Elements such as recognition, performance evaluations  sjgnificantly affects employees' willingness to participate
I|nkeq to knowledge-sharing performance _an_d the in knowledge-sharing processes (Nguyen & Malik, 2021).
perceived value of knowledge sharing within the  Epnancing knowledge sharing within organizations is
organization positively influence employees' motivation to crucial for various reasons. Firstly, knowledge sharing

engage in knowledge sharing activities (Foss et al., 2009).  fosters innovation and continuous improvement by
Additionally, factors like reciprocity in knowledge sharing,  ajjowing individuals to exchange ideas, experiences, and
ease of use, and the ability to streamline everyday work best practices (Liu et al., 2020). This exchange of
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knowledge is essential for the sustainable development of
scientific research teams and can lead to enhanced
performance and productivity within organizations (Salimi
et al., 2022). Moreover, knowledge sharing contributes to
organizational learning and decision-making processes.
When knowledge is shared among employees, companies
can leverage this collective intelligence to make informed
decisions and drive strategic initiatives (Zhu et al., 2018).
Without effective knowledge sharing, organizations risk
missing out on valuable insights that could help them adapt
to changing environments and make better decisions (Yasir
& Majid, 2017). Additionally, knowledge sharing can
enhance employee performance and job satisfaction. By
creating a culture that values and encourages knowledge
sharing, organizations can boost employee engagement,
motivation, and overall job satisfaction (Lin, 2007). This,
in turn, can lead to increased productivity and efficiency
within the organization (Wang & Qiao, 2019).
Furthermore, knowledge sharing is essential for building
social capital and fostering collaboration among
employees. When individuals share their knowledge and
expertise, they contribute to the growth of a knowledge-
sharing culture that promotes trust, openness, and
teamwork (Swift et al., 2010). This collaborative
environment not only enhances knowledge sharing
activities but also strengthens relationships within the
organization (Ouakouak et al., 2021).

Machine learning techniques are increasingly utilized to
enhance knowledge sharing platforms, improving
efficiency and effectiveness. For example, these techniques
are employed to detect errors in knowledge graphs,
ensuring the accuracy of shared information Albannai et al.
(2019). Additionally, machine learning is used to predict
relationships between time, location, and trust on
platforms, enhancing understanding of user behaviour and
preferences (Meng et al., 2020). Furthermore, machine
learning plays a crucial role in optimizing knowledge
extraction from shared data. Organizations leverage
machine learning and data analytics to extract valuable
insights from transmitted data, aiding decision-making and
strategic planning (Kasrin et al., 2021). Machine learning
algorithms also predict student performance and dropout
rates, offering insights to support at-risk students and
improve learning outcomes (Albreiki et al., 2021). In
collaborative learning environments, machine learning
techniques are integrated into web-based annotation
systems to enhance knowledge sharing. These systems
facilitate  collaborative  annotation and  sharing
mechanisms, positively impacting learning achievements
and knowledge dissemination (Su et al., 2010).
Additionally, lightweight machine learning approaches are
developed to address resource limitations in 10T systems,
enabling the deployment of machine learning models on
platforms with constrained resources (Sliwa et al., 2020).
Based on this this study seeks to explores the application
of machine learning techniques to enhance knowledge
sharing platforms.

2. Review of Literature:

2.1 Current State of Knowledge Sharing Platforms

Knowledge sharing has become a critical aspect of
organizational success, with various factors influencing
individuals' willingness to share knowledge. Yiu and Law
(2012) noted that the perception of knowledge sharing as
potentially weakening one's position within an
organization can discourage individuals from sharing
knowledge (Mutage & Dewah, 2022). Conversely, Tuitoek
(2014) viewed knowledge sharing as a self-disarming
process in competitive organizational environments, where
knowledge is seen as a source of power (Mutage & Dewah,
2022). This dichotomy underscores the complex interplay
of factors affecting knowledge sharing behaviours within
organizations.

In the realm of information security, organizations are
increasingly focusing on fostering a culture of security
knowledge sharing to enhance preparedness against cyber
threats. Alrimawi et al. (2022) emphasized the importance
of sharing knowledge about prior security incidents to help
organizations prevent, mitigate, or investigate future
incidents (Alrimawi et al., 2022). Similarly, Alahmari et al.
(2022) advocated moving beyond mere cybersecurity
awareness and training to actively engendering security
knowledge sharing within organizations (Alahmari et al.,
2022). By encouraging and facilitating Security
Knowledge Sharing (SKS), organizations can enhance
their overall security posture.

Moreover, advancements in technology, such as artificial
intelligence (Al) and machine learning, are revolutionizing
knowledge sharing practices. Loftus et al. (2022) discussed
the potential of federated learning in preserving data
privacy in collaborative healthcare research, highlighting
how collaborative machine learning knowledge sharing
can produce generalizable results while maintaining data
security (Loftus et al., 2022). Additionally, blockchain
technology is being leveraged to ensure data privacy and
security in knowledge sharing processes. Tao et al. (2022)
proposed a blockchain-based data privacy protection and
sharing scheme based on zero-knowledge proof to achieve
confidentiality and correctness in data sharing (Tao et al.,
2022).

Furthermore, the integration of advanced analytics and
insights into knowledge sharing processes is enhancing
decision-making capabilities within organizations. Macke
prang et al. (2022) emphasized the crucial role of
knowledge sharing in making rapid progress, underscoring
the value of insights derived from shared knowledge
(Macke prang et al., 2022). Additionally, the emphasis on
user experience and mobile accessibility is transforming
how knowledge is accessed and shared. These
developments are crucial in ensuring that knowledge
sharing platforms are user-friendly and accessible across
various devices, thereby promoting widespread knowledge
dissemination.
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In conclusion, the current state of knowledge sharing is
evolving to encompass a multidimensional approach that
integrates collaboration tools, Al and machine learning,
user experience, mobile accessibility, advanced analytics,
and security measures. Organizations are increasingly
recognizing the importance of fostering a culture of
knowledge sharing, leveraging technology to enhance data
privacy and security, and harnessing insights derived from
shared knowledge to drive innovation and decision-
making.

3. Research Methodology:

3.1 Machine Learning Techniques in Knowledge
Sharing

Machine learning plays a significant role in enhancing
knowledge sharing platforms by utilizing advanced
algorithms to facilitate information dissemination,
collaboration, and learning. Machine learning algorithms
can analyse extensive datasets to extract valuable insights,
predict user behaviour, and personalize content delivery.
Machine learning algorithms can analyse user preferences,
behaviours, and interactions to offer personalized
recommendations and content, thereby enhancing user
engagement and encouraging active participation on
knowledge sharing platforms (Loftus et al., 2022).
Federated learning techniques enable collaborative
machine learning knowledge sharing while maintaining
data privacy. This approach allows multiple parties to
collectively train models without sharing sensitive data,
ensuring confidentiality and security (Loftus et al., 2022).
Machine learning, when combined with advanced
technologies like optical readouts, can assist in identifying
specific knowledge elements such as extracellular vesicles,
showcasing the potential of integrating machine learning
with  cutting-edge  technologies  for  knowledge
enhancement.

Understanding user behaviour and preferences through
machine learning can optimize the design and functionality
of knowledge sharing platforms. By analysing user
interactions, machine learning algorithms can enhance user
experience and increase engagement. Machine learning
models can facilitate knowledge transfer by automating the
extraction, processing, and dissemination of information,
streamlining the sharing of expertise and best practices
among platform users (Akg¢ay & Kayis, 2023). By
analysing learning activities and knowledge sharing
behaviours, machine learning algorithms can provide
insights into  improving learning outcomes and
performance. Understanding the factors influencing
knowledge sharing can lead to more effective educational
interventions (Ghafar et al., 2022). Machine learning can
promote innovation by identifying patterns, trends, and
collaboration  opportunities. By analysing shared
knowledge and interactions, machine learning algorithms
can drive creativity and innovation within organizations

(Laily et al., 2023). B. Potential applications of machine
learning.

Machine learning presents a wide array of potential
applications in knowledge sharing platforms, transforming
how information is distributed, analysed, and utilized.
Some key potential applications of machine learning in
knowledge sharing encompass: personalized
recommendations, data privacy and security, predictive
analytics content identification and classification, fault
diagnosis and predictive maintenance, healthcare and
biomedical applications, education and learning,
environmental and geospatial analysis, financial analysis
and market prediction, expertise sharing and augmented
reality (Morik et al., 2022; Rewehel et al., 2023; Wilson et
al., 2022; Zhang et al., 2022; Sun et al., 2022; (Liu et al.,
2022; Czwartosz & Jedrzejewski, 2022; Zhao et al,
2023;Wells & Walsh, 2022; Carvalho et al., 2023; Wu et
al., 2022; Oktapratama & Hidayat, 2022; Mubaraq et al.,
2023; Schlender et al., 2023; Shang & Wang, 2022). By
harnessing the power of machine learning, knowledge
sharing platforms can optimize content delivery, enhance
user experiences, and drive innovation in information
dissemination and collaboration

3.2 Enhancing Knowledge Sharing Platforms with
Machine Learning

Enhancing knowledge sharing platforms with machine
learning can significantly improve recommendation
systems. Hahn & Mechefske (2022) discussed the
integration of external knowledge to enhance machine
learning models, which can be applied to recommendation
systems by incorporating domain-specific knowledge to
improve the accuracy and relevance of recommendations.
Content categorization can also be improved in enhancing
knowledge sharing platforms with machine learning, Sun
et al. (2022) highlighted the importance of domain
knowledge in enhancing machine learning models. By
incorporating domain-specific knowledge into content
categorization algorithms, platforms can achieve more
accurate and contextually relevant tagging of information.
Leveraging machine learning algorithms can lead to more
personalized user experiences, efficient content
organization, and enhanced text analysis capabilities. In
terms of natural Language Processing, Shang & Wang
(2022) provided an overview of natural language
processing techniques. Implementing these methods can
enhance the capabilities of knowledge sharing platforms in
analysing and understanding textual content, enabling
better search functionalities and information extraction. By
incorporating  insights ~ from  these  successful
implementations of machine learning in recommendation
systems, content categorization and tagging, and natural
language processing, knowledge sharing platforms can
offer more personalized, organized, and efficient
experiences for users, ultimately fostering better
information dissemination and collaboration.
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4 Case Studies and Examples:

Successful implementations of machine learning in
knowledge sharing have been observed across various
domains, showcasing the transformative impact of
advanced algorithms in  enhancing information
dissemination and collaboration. Some notable instances of
successful implementations include improving access to
quality family planning services. Kabra et al. (2022)
highlighted insights from a South-South learning exchange
in Nepal and Sri Lanka, emphasizing the importance of
knowledge sharing activities in enhancing access to quality
family planning services. Another instance is the use of
machine learning models for predicting students' study
path selection, Dirin & Saballe (2022) demonstrated the
successful implementation of machine learning models to
predict students' study path selection, showcasing the
potential of data-driven approaches in educational settings.
Mahmudi et al. (2022) implemented an active knowledge
sharing strategy to improve Fakir learning outcomes,
showcasing the effectiveness of knowledge sharing
strategies in enhancing student learning activities.
Hoffmann et al. (2022) investigated expertise sharing in
manufacturing settings using augmented reality (AR) in the
"Retrofitt AR™ project, demonstrating the successful
integration of hardware-based expertise sharing with AR
technology.

These successful implementations underscore the diverse
applications of machine learning in knowledge sharing,
ranging from healthcare and education to environmental
monitoring and industrial settings. By leveraging machine
learning algorithms, organizations and researchers can
optimize knowledge sharing practices, improve decision-

making processes, and drive innovation in various
domains.

5 Challenges:

Knowledge sharing platforms encounter various

challenges as supported by the literature. One significant
challenge is the issue of platform positioning and
intellectual property rights, as highlighted by (Ye, 2022).
This challenge can hinder the development and
effectiveness of  knowledge sharing  platforms.
Additionally, the reluctance of knowledge contributors to
share due to monetary income considerations, as discussed
by (Jiang et al., 2023), poses a challenge to the free flow of
knowledge on these platforms. Moreover, the timeliness of
data updates, presence of malicious advertisements, and
limited user engagement on traditional knowledge sharing
platforms are obstacles identified by (Wang et al., 2022).
These factors can impede the user experience and deter
active participation in knowledge sharing activities.
Furthermore, the lack of unified understanding of sharing
economy concepts and the nascent stage of research on
sharing economy platforms, as noted by (Yun, 2022),
indicate a knowledge gap that hampers the optimization of
such platforms.

Another challenge lies in the need for effective
communication and knowledge sharing among
stakeholders in platform development, which can be
addressed through the use of sharing platform ontologies,
as proposed by (Derave et al., 2022). Additionally, the
uneven distribution of experimental teaching resources in
universities and the necessity for a resource-sharing
mechanism, as highlighted by (Li et al., 2022), underscore
the importance of equitable access to knowledge resources.
Furthermore, the impact of psychological contracts on
employee knowledge sharing in virtual platforms, as
explored by (Pan, 2023), emphasizes the significance of
organizational dynamics in fostering a conducive
environment for knowledge sharing. The study by Wang &
Xie (2022) on factors influencing users' learning and
sharing behaviour on social media platforms sheds light on
the complexities of user engagement and information
dissemination on such platforms. Other challenges include
data privacy and security concerns and overcoming
algorithm biases

6 Future Directions:

Enhancing knowledge sharing platforms with machine
learning offers a promising avenue for future development.
Utilizing federated learning, as discussed by (Loftus et al.,
2022), can maintain data privacy while enabling
collaborative machine learning knowledge sharing across
various  settings. This approach enhances the
reproducibility and generalizability of results without
compromising data security. Additionally, the integration
of machine learning with optical readouts, as highlighted
by (Mata et al., 2022), introduces a novel trend in
identifying extracellular vesicles, demonstrating the
potential of combining machine learning with advanced
technologies for knowledge enhancement.

Moreover, the study by Yang et al. (2022) on evolutionary
game analysis of online knowledge sharing communities
emphasizes the importance of understanding monetization
and economics in shaping knowledge sharing behaviours.
This insight can guide the development of machine
learning algorithms to optimize user engagement and
information  dissemination on knowledge sharing
platforms. Additionally, the research by Li-Ying et al. Li-
ying et al. (2022) on knowledge management-based
collaborative learning tools in educational settings
underscores the increasing trend of integrating knowledge
management with educational technology, indicating a
shift towards more interactive and shared learning
experiences.

In the context of organizational settings, the study by
Breton & Galiére (2022) sheds light on the role of
organizational environments in social learning, particularly
in platform work scenarios. Understanding how
organizational structures influence knowledge sharing can
inform the design of machine learning algorithms tailored
to specific work contexts. Additionally, the research by
Shahzad et al. (2022) on IT self-efficacy and personal
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knowledge management highlights the significance of
emerging technologies like artificial intelligence in
promoting sustainable lifelong learning and organizational
performance.

7 Conclusion:

In conclusion, the integration of machine learning
techniques holds immense potential for enhancing
knowledge sharing platforms in numerous ways. By
leveraging the power of artificial intelligence, these
platforms can improve content discovery, personalize user
experiences, streamline workflows, and facilitate
collaboration among users. Machine learning algorithms
enable platforms to analyse vast amounts of data, identify
patterns, and deliver actionable insights that drive informed
decision-making and foster innovation. Additionally, by
continuously learning from user interactions and feedback,
these platforms can adapt and evolve over time to better
meet the evolving needs of users. As organizations strive
to harness the collective knowledge and expertise of their
workforce, embracing machine learning technologies will
be instrumental in creating more intelligent, efficient, and
effective knowledge sharing ecosystems.

8 References:

[1] Akcay, A., & Kayis, A. (2023). Cyberostracism and
knowledge sharing: the mediating role of social anxiety in
e-learning environments. Journal of Educational
Technology and Online Learning, 6(1), 33-47.
https://doi.org/10.31681/jetol. 1097719

[2] Alahmari, S., Renaud, K., & Omoronyia, 1. (2022).
Moving beyond cyber security awareness and training to
engendering security knowledge sharing. Information
Systems and E-Business Management, 21(1), 123-158.
https://doi.org/10.1007/s10257-022-00575-2

[3] Albannai, N., Glltepe, Y., & Najih, A. (2019). A review
of machine learning applications in semantic web. JSTR.
https://doi.org/10.7176/jstr/5-8-01

[4] Albreiki, B., Zaki, N., & Alashwal, H. (2021). A
systematic literature review of student’ performance
prediction using machine learning techniques. Education
Sciences, 11(9), 552.
https://doi.org/10.3390/educscil1090552

[5] Alrimawi, F., Pasquale, L., Mehta, D., Yoshioka, N., &
Nuseibeh, B. (2022). Incidents are meant for learning, not
repeating: sharing knowledge about security incidents in
cyber-physical systems. IEEE Transactions on Software
Engineering, 48(1), 120-134.
https://doi.org/10.1109/tse.2020.2981310

[6] Ardichvili, A., Page, V., & Wentling, T. (2003).
Motivation and barriers to participation in virtual
knowledge-sharing communities of practice. Journal of

Knowledge Management, 7(), 64-77.
https://doi.org/10.1108/13673270310463626

[7] BADOUCH, M. and BOUTAOUNTE, M. (2023).
Personalized travel recommendation systems: a study of
machine learning approaches in tourism. Journal of
Artificial Intelligence Machine Learning and Neural
Network, (33), 35-45.

https://doi.org/10.55529/jaimInn.33.35.45

[8] Breton, C. and Galiere, S. (2022). The role of
organizational settings in social learning: an ethnographic
focus on food-delivery platform work. Human Relations,
76(7), 990-1016.
https://doi.org/10.1177/00187267221081295

[9] Carvalho, R., Oliveira, D., & Pesquita, C. (2023).
Knowledge graph embeddings for icu readmission

prediction. BMC Medical Informatics and Decision
Making,  23(1). https://doi.org/10.1186/s12911-022-
02070-7

[10] Czwartosz, R. and Jedrzejewski, J. (2022).
Application of machine learning in the precise and cost-
effective self-compensation of the thermal errors of cnc
machine tools —a review. Journal of Machine Engineering.
https://doi.org/10.36897/jme/152246

[11] Derave, T., Sales, T., Gailly, F., & Poels, G. (2022).
Sharing platform ontology development: proof-of-concept.
Sustainability, 14(4), 2076.
https://doi.org/10.3390/su14042076

[12] Dirin, A. and Saballe, C. (2022). Machine learning

models to predict students’ study path selection.
International Journal of Interactive Mobile Technologies
(1jim), 16(01), 158-183.

https://doi.org/10.3991/ijim.v16i01.20121

[13] Foss, N., Minbaeva, D., Pedersen, T., & Reinholt, M.
(2009). Encouraging knowledge sharing among
employees: how job design matters. Human Resource
Management, 48(6), 871-893.
https://doi.org/10.1002/hrm.20320

[14] Ghafar, M., Zarkasyi, A., & Adam, F. (2022). Impacts
of openness to experience on learning innovation model the
moderating effect of teacher knowledge-sharing. Cendekia
Jurnal Kependidikan Dan Kemasyarakatan, 20(2), 164-
180. https://doi.org/10.21154/cendekia.v20i2.4960

[15] Hahn, T. and Mechefske, C. (2022). Knowledge
informed machine learning using a weibull-based loss
function. Journal of Prognostics and Health Management,
2(1), 9-44. https://doi.org/10.22215/jphm.v2i1.3162

[16] Hoffmann, S., Ludwig, T., Jasche, F., Wulf, V., &
Randall, D. (2022). Retrofittar: supporting hardware-
centered expertise sharing in manufacturing settings
through augmented reality. Computer Supported

44 https://doi.org/10.59568/JASIC-2024-5-1-05


https://doi.org/10.31681/jetol.1097719
https://doi.org/10.1007/s10257-022-00575-2
https://doi.org/10.7176/jstr/5-8-01
https://doi.org/10.3390/educsci11090552
https://doi.org/10.1109/tse.2020.2981310
https://doi.org/10.1108/13673270310463626
https://doi.org/10.55529/jaimlnn.33.35.45
https://doi.org/10.1177/00187267221081295
https://doi.org/10.1186/s12911-022-02070-7
https://doi.org/10.1186/s12911-022-02070-7
https://doi.org/10.36897/jme/152246
https://doi.org/10.3390/su14042076
https://doi.org/10.3991/ijim.v16i01.20121
https://doi.org/10.1002/hrm.20320
https://doi.org/10.21154/cendekia.v20i2.4960
https://doi.org/10.22215/jphm.v2i1.3162

Journal of Applied Sciences, Information and Computing

Cooperative Work (Cscw), 32(2),
https://doi.org/10.1007/s10606-022-09430-x

93-130.

[17] laco, S., Hristopulos, D., & Lin, G. (2022). Special
issue: geostatistics and machine learning. Mathematical
Geosciences, 54(3), 459-465.
https://doi.org/10.1007/s11004-022-09998-6

[18] Ipe, M. (2003). Knowledge sharing in organizations:
a conceptual framework. Human Resource Development
Review, 2(4), 337-359.
https://doi.org/10.1177/1534484303257985

[19] Jiang, S., Nguyen, D., Dai, P., & Meng, Q. (2023).
Monetary income as opportunity cost: exploring the
negative effect on free knowledge contribution of
knowledge suppliers. Journal of Knowledge Management,
28(2), 440-462. https://doi.org/10.1108/jkm-09-2022-0694

[20] Jin, H., Bai, D., Yao, D., Dai, Y., Gu, L., & Sun, L.
(2023). Personalized edge intelligence via federated self-
knowledge distillation. IEEE Transactions on Parallel and
Distributed Systems, 34(2), 567-580.
https://doi.org/10.1109/tpds.2022.3225185

[21] Kabra, R., Danansuriya, M., Moonesinghe, L., Silva,
C., Jayathilaka, C., Allagh, K., ... & Kiarie, J. (2022).
Improving access to quality family planning services in
nepal and sri lanka: insights from a south-south learning
exchange. BMJ Global Health, 7(5), e008691.
https://doi.org/10.1136/bmjgh-2022-008691

[22] Kanbar, L., Wissel, B., Ni, Y., Pajor, N., Glauser, T.,
Pestian, J., ... & Dexheimer, J. (2022). Implementation of

machine learning pipelines for clinical practice:
development and validation study. JMIR Medical
Informatics, 10(12), e37833.

https://doi.org/10.2196/37833

[23 Kasrin, N., Benabbas, A., EImamooz, G., Nicklas, D.,
Steuer, S., & Sunkel, M. (2021). Data-sharing markets for
integrating iot data processing functionalities. CCF
Transactions on Pervasive Computing and Interaction,
3(1), 76-93. https://doi.org/10.1007/s42486-020-00054-y

[24] Laily, N., Wahyuni, D., Koesmono, T., & Sari, J.
(2023). Modelling organizational performance
manufacturing companies in indonesia: feature extraction.
International Journal of Professional Business Review,
8(2), €01506.
https://doi.org/10.26668/businessreview/2023.v8i2.1506

[25] Li, X., Liu, C., & Zhang, S. (2022). Study on the
sharing mechanism of economics and management
experimental teaching resources. Asian Social Science,
18(12), 18. https://doi.org/10.5539/ass.v18n12p18

[26] Liu, G., Shen, W., GAO, L., & Kusiak, A. (2022).
Knowledge transfer in fault diagnosis of rotary machines.

let Collaborative Intelligent Manufacturing, 4(1), 17-34.
https://doi.org/10.1049/cim2.12047

[27] Li-ying, W., Shang, C., & Chen, X. (2022). The use of
knowledge management-based information collaborative
learning tool in english teaching classroom. Wireless
Communications and Mobile Computing, 2022, 1-10.
https://doi.org/10.1155/2022/6367007

[28] Loftus, T., Ruppert, M., Shickel, B., Ozrazgat-
Baslanti, T., Balch, J., Efron, P., ... & Bian, J. (2022).
Federated learning for preserving data privacy in
collaborative healthcare research. Digital Health, 8,
205520762211344.
https://doi.org/10.1177/20552076221134455

[29] Mackelprang, R., Adamala, K., Aurand, E., Diggans,
J., Ellington, A., Evans, S., ... & Friedman, D. (2022).
Making security viral: shifting engineering biology
culture and publishing. Acs Synthetic Biology, 11(2), 522-
527. https://doi.org/10.1021/acssynbio.1c00324

[30] Mahmudi, I., Ketty, D., & Widad, S. (2022).
Implementation of active knowledge sharing strategy to
improve fikih learning outcomes. Progresiva Jurnal
Pemikiran Dan Pendidikan Islam, 11(02), 104-116.
https://doi.org/10.22219/progresiva.v11i02.22600

[31] Mata, C., Jeanne, O., Jalali, M., L{, Y., & Mahshid, S.
(2022). Nanostructured-based optical readouts interfaced
with machine learning for identification of extracellular
vesicles. Advanced Healthcare Materials, 12(5).
https://doi.org/10.1002/adhm.202202123

[32] Meng, X., Cheng, X., Fu, S., & Sun, J. (2020).
Exploring trust in online ride-sharing platform in china: a
perspective of time and location..
https://doi.org/10.24251/hicss.2020.077

[33] Morgan, G., Wang, C., Li, Z., Schill, S., & Morgan,
D. (2022). Deep learning of high-resolution aerial imagery
for coastal marsh change detection: a comparative study.
Isprs International Journal of Geo-Information, 11(2),
100. https://doi.org/10.3390/ijgi11020100

[34] Morik, K., Kotthaus, H., Heppe, L., Heinrich, D.,
Fischer, R., Sascha, M., ... & Piatkowski, N. (2022). Yes
we care!-certification for machine learning methods
through the care label framework. Frontiers in Artificial
Intelligence, 5. https://doi.org/10.3389/frai.2022.975029

[35] Mubarag, Y., Maulida, H., Hermaniar, Y., & Rizky,
L. (2023). Embracing whatsapp application as emergency
remote learning during covid 19 pandemic. Riwayat
Educational Journal of History and Humanities, 6(1), 93-
98. https://doi.org/10.24815/jr.v6i1.29379

[36] Mutage, M. and Dewah, P. (2022). Knowledge
hoarding at a state university library in Zimbabwe.

45 https://doi.org/10.59568/JASIC-2024-5-1-05


https://doi.org/10.1007/s10606-022-09430-x
https://doi.org/10.1007/s11004-022-09998-6
https://doi.org/10.1177/1534484303257985
https://doi.org/10.1108/jkm-09-2022-0694
https://doi.org/10.1109/tpds.2022.3225185
https://doi.org/10.1136/bmjgh-2022-008691
https://doi.org/10.2196/37833
https://doi.org/10.26668/businessreview/2023.v8i2.1506
https://doi.org/10.1049/cim2.12047
https://doi.org/10.1177/20552076221134455
https://doi.org/10.1021/acssynbio.1c00324

Journal of Applied Sciences, Information and Computing

University of Dar Es Salaam Library Journal, 16(2), 3-18.
https://doi.org/10.4314/udslj.v16i2.2

[37] Nguyen, T. and Malik, A. (2021). Employee
acceptance of online platforms for knowledge sharing:
exploring differences in usage behaviour. Journal of
Knowledge Management, 26(8), 1985-2006.
https://doi.org/10.1108/jkm-06-2021-0420

[38] Noguchi, S., Wang, H., & Inoue, J. (2022).
Identification of microstructures critically affecting
material properties using machine learning framework
based on metallurgists’ thinking process. Scientific
Reports,  12(1). https://doi.org/10.1038/s41598-022-
17614-0

[39] Oktapratama, R. and Hidayat, D. (2022). Model of
web-based application “glide” as learning media and
knowledge sharing tool of teachers in post-pandemic era.
Journal of Applied Engineering and Technological Science
(Jaets), 4(1), 554-560.
https://doi.org/10.37385/jaets.v4i1.1333

[40] Ouakouak, M., AlBuloushi, N., Ouedraogo, N., &
Sawalha, N. (2021). Knowledge sharing as a give-and-take
practice: the role of the knowledge receiver in the
knowledge-sharing process. Journal of Knowledge
Management, 25(8), 2043-2066.
https://doi.org/10.1108/jkm-04-2020-0323

41] Pan, Q. (2023). Study on the effect of psychological
contract on employee knowledge sharing in virtual
platforms. SHS Web of Conferences, 152, 04007.
https://doi.org/10.1051/shsconf/202315204007

[42] Rewehel, E., Li, J., Hamed, A., Keshk, H., Mahmoud,
A., Sayed, S., & Helmy, A. (2023). Deep learning methods
used in remote sensing images: a review. Journal of
Environmental & Earth Sciences, 5(1), 33-64.
https://doi.org/10.30564/jees.v5i1.5232

[43] Rice, R., Heinz, M., & Zoonen, W. (2019). A public
goods model of outcomes from online knowledge sharing
mediated by mental model processing. Journal of
Knowledge Management, 23(1), 1-22.
https://doi.org/10.1108/jkm-06-2018-0360

[44] Sagadevan, S., Malim, N., & Husin, M. (2022). A
seed-guided latent dirichlet allocation approach to predict
the personality of online users using the pen model.
Algorithms, 15(3), 87. https://doi.org/10.3390/a15030087

[45] Schlender, T., Viljanen, M., Rijn, J., Mohr, F.,
Peijnenburg, W., Hoos, H., & Wong, A. (2023). The bigger
fish: a comparison of meta-learning gsar models on low-
resourced aquatic toxicity regression tasks. Environmental
Science &  Technology, 57(46), 17818-17830.
https://doi.org/10.1021/acs.est.3c00334

[46] Shahzad, K., Javed, Y., Khan, S., Igbal, A., Hussain,
l., & Jaweed, M. (2022). Relationship between it self-

efficacy and personal knowledge and information
management for sustainable lifelong learning and
organizational performance: a systematic review from
2000 to 2022. Sustainability, 15(1), 5.
https://doi.org/10.3390/su15010005

[47] Shen, Y., Zhao, L., Cheng, W., Zhang, Z., Zhou, W.,
& Kangyi, L. (2023). Resus: warm-up cold users via meta-
learning residual user preferences in ctr prediction. Acm
7Transactions on Information Systems, 41(3), 1-26.
https://doi.org/10.1145/3564283

[48] Su, A, Yang, S., Hwang, W., & Zhang, J. (2010). A
web 2.0-based collaborative annotation system for
enhancing knowledge sharing in collaborative learning
environments. Computers & Education, 55(2), 752-766.
https://doi.org/10.1016/j.compedu.2010.03.008

[49] Sun, H., Zhang, H., Ren, G., & Zhang, C. (2022). A
knowledge transfer framework for general alloy materials
properties  prediction.  Materials, 15(21), 7442.
https://doi.org/10.3390/mal5217442

[50] Usoro, A., Sharratt, M., Tsui, E., & Shekhar, S.
(2007). Trust as an antecedent to knowledge sharing in
virtual communities of practice. Knowledge Management
Research & Practice, 5(3), 199-212.
https://doi.org/10.1057/palgrave.kmrp.8500143

[51] Vuori, V., & Okkonen, J. (2012). Knowledge sharing
motivational factors of using an intra-organizational social
media platform. Journal of Knowledge Management,
16(4), 592-603.
https://doi.org/10.1108/13673271211246167

[52] Wang, J., & Xie, J. (2022). Exploring the factors
influencing users' learning and sharing behavior on social
media platforms. Library Hi Tech, 41(5), 1436-1455.
https://doi.org/10.1108/Iht-01-2022-0033

[53] Wang, K., Zhou, X., Liang, W., Yan, Z., & She, J.
(2022). Federated transfer learning based cross-domain
prediction for smart manufacturing. IEEE Transactions on
Industrial Informatics, 18(6), 4088-4096.
https://doi.org/10.1109/tii.2021.3088057

[54] Wang, P., Jiang, S., Chen, G., Gending, J., & Wang,
H. (2022). Design of popular science knowledge sharing
platform based on distance learning. Social Sciences,
11(6), 381. https://doi.org/10.11648/j.55.20221106.15

[55] Wang, Q., & Qiao, S. (2019). The incentive
mechanism of knowledge sharing in the industrial
construction supply chain based on a supervisory
mechanism. Engineering Construction & Architectural
Management, 26(6), 989-1003.
https://doi.org/10.1108/ecam-05-2018-0218

46 https://doi.org/10.59568/JASIC-2024-5-1-05


https://doi.org/10.1016/j.compedu.2010.03.008
https://doi.org/10.3390/ma15217442
https://doi.org/10.1057/palgrave.kmrp.8500143
https://doi.org/10.1108/13673271211246167
https://doi.org/10.1109/tii.2021.3088057
https://doi.org/10.11648/j.ss.20221106.15
https://doi.org/10.1108/ecam-05-2018-0218

